Comparison of Employee Performance Evaluation Models

Forced Rating

System

Absolute Performance
Metrics

Continuous
Feedback

Team-Based
Evaluations

Statistical Calibration

Definition

Evaluation Basis

Key Components

Statistical
Approach

Advantages

Shortcomings

Employees ranked
against peers, forced
into a predetermined
distribution (e.g., bell
curve).

Relative performance
(zero-sum; one’s high
rating lowers
another’s).

- Forced distribution.
- Managerial rankings.
- Peer comparison.

- Assumes normal
distribution.

- Interdependent
rankings.

- Low validity in small
teams.

- Identifies top/low
performers in large
groups.

- Simple
categorization.

- Drives competition.

- Artificial
differentiation.

- Reduces
collaboration.

- High turnover (10-
15% per studies).

- Bias-prone.

- Inhibits growth.

- Invalid for small
teams.

Employees evaluated against
objective, role-specific
standards without peer
comparison.

Absolute performance
(independent; judged against
fixed benchmarks).

- Objective metrics
(quantitative/qualitative).
- Weighted scoring.

- Targets.

- Normalizes performance
against targets.

- Independent scores.

- Flexible distribution.

- Eliminates zero-sum
competition.

- Transparent, fair.

- Supports
collaboration/development.

- Requires clear standards.

- Qualitative metric subjectivity.

- Data-intensive.
- Risk of metric gaming.

Ongoing, regular
feedback replacing
annual reviews,
focusing on
development.

Individual progress
and development
via frequent check-
ins.

- Regular manager-
employee check-
ins.

- Goal setting.

- Qualitative
feedback.

- Qualitative, less
structured.

- Limited statistical
rigor unless
quantified.

- Timely feedback.
- Development-
focused.

- Improves
engagement.

- Flexible.

- Lacks structure
without metrics.

- Manager-
dependent.

- Hard to compare
across employees.

Performance assessed
based on team
contributions and
collective outcomes.

Team output and
collaboration, not
individual rankings.

- Team goals.

- Collective metrics (e.g.,
project success).

- Peer feedback.

- Aggregates team data.
- Focus on group-level
metrics.

- May obscure individual
contributions.

- Encourages teamwork.
- Aligns with collaborative
cultures.

- Reduces individual
pressure.

- May mask individual
underperformance.

- Less suitable for
individual-focused roles.
- Complex to quantify.

Data-driven methods
(e.g., regression, ML) to
identify performance
patterns without forced
distributions.

Objective performance
patterns derived from
statistical analysis.

- Statistical models
(e.g., regression,
clustering).

- Performance data
inputs.

- Calibration algorithms.

- Uses advanced
analytics (e.qg.,
regression, ML).

- High statistical rigor.
- Adapts to actual
distributions.

- Highly objective.

- Minimizes bias.

- Adapts to complex
data.

- Scalable with
technology.

- Requires advanced
analytics expertise.

- Data quality
dependent.

- May feel impersonal.
- High setup cost.



Forced Rating

System

Absolute Performance
Metrics

Continuous
Feedback

Team-Based
Evaluations

Statistical Calibration

Impact on
Collaboration

Impact on
Morale/Turnover

Bias and
Fairness

Long-Term
Development

Real-World
Examples

Statistical
Validity

Implementation
Complexity

Best Use Case

Negative: Fosters
competition, reducing
teamwork (e.g.,
Microsoft's 2013 shift).

Negative: Demotivates
misclassified
employees; high
turnover; 49% reported
morale drop per 2013
study.

High risk: Subjective
rankings amplify
biases (e.g., 2018
study on gender/race).

Limited: Short-term
focus; discourages
risk-taking (e.g., GE’s
2016 phase-out).

GE (pre-2016),
Microsoft (pre-2013);
largely phased out.

Low: Violates
observation
independence;
incorrect distribution
assumption.

Moderate: Simple
ranking but requires
calibration for
distribution.

Large, competitive
organizations with
clear hierarchies (less
common today).

Positive: Independent ratings
encourage collaboration (e.g.,
Adobe’s model).

Positive: Fairness improves
morale; lower turnover (e.g.,
Adobe’s 30% drop).

Lower risk: Objective standards
reduce bias; qualitative metrics
need calibration.

Strong: Metric-based feedback
supports growth/innovation.

Adobe (Check-In, 2012),
Deloitte (post-2015).

High: Independent scores;
adaptable to actual distributions;
supports testing.

Higher: Needs clear metrics,
data systems, training; scalable
with tech.

Organizations prioritizing
fairness, collaboration,
development.

Positive: Ongoing
dialogue builds
trust and teamwork.

Positive: Regular
feedback boosts
engagement;
reduces surprises.

Moderate risk:
Manager
subjectivity unless
standardized.

- Needs training.

Strong: Continuous
coaching fosters
skill development.

Google (OKRs with
frequent check-ins),
Accenture (post-
2016 feedback
model).

Low to Moderate:
Qualitative unless
quantified; hard to
validate without
metrics.

Moderate: Requires
manager training,
feedback culture;
less data-intensive.

Dynamic,
employee-centric
firms focused on
growth and
engagement.

Highly Positive:
Prioritizes team success
(e.g., Agile team
models).

Positive: Team focus
reduces individual stress;
turnover varies by
implementation.

Moderate risk: Peer
feedback may introduce
bias.

- Needs clear team
metrics.

Moderate: Team focus
may neglect individual
growth unless balanced.

Agile teams in tech (e.g.,
Spotify’s squad model),
project-based firms.

Moderate: Valid for team
metrics but less for
individuals; needs clear
data.

High: Needs team metric
design, peer feedback
systems; complex for
large organizations.

Team-oriented cultures
(e.g., tech, creative
industries) with collective
goals.

Neutral: Depends on
model design; can
support collaboration if
team metrics included.

Neutral: Morale
depends on
transparency; turnover
risk if perceived as
“black box.”

Low risk: Data-driven
approach minimizes

human bias; requires
unbiased data inputs.

Moderate: Development
depends on feedback
integration; strong for
trend analysis.

Used in advanced HR
analytics (e.g., IBM’s
Watson HR, Google’s
early performance
models).

Very High: Leverages
rigorous analytics; high
reliability/validity if data
quality ensured.

Very High: Needs
analytics expertise,
robust data
infrastructure; scalable
but costly.

Data-rich organizations
with advanced HR
analytics capabilities.



